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apiVersion: kubeflow.org/vl
kind: TFJob

metadata:
generateName: tfjob

namespace: kubeflow
spec:
tfReplicaSpecs:
PS:
replicas: 1
restartPolicy: OnFailure

Worker:
replicas: 3
restartPolicy: OnFailure
temp late:
spec:
containers:
— name: tensorflow
image: gcr.io/your—-project/your—-image
command:
— python
—m
trainer.task
——batch_size=32
——training_steps=1000
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trialName

mnist-experiment-5p7tvdgn

mnist-experiment-ccdgdpSv

mnist-experiment-n24h6iwd

mnist-experiment-lwf8dq49

mnist-experiment-2qv4mtsf

mnist-experiment-msdigrjp

mnist-experiment-pcra2pt2

mnist-experiment-njwhd2tr

Experiment Name: mnist-experiment

Validation-accuracy accuracy --Ir
0.981 1.000 0.029
2028
000 0.900 y
0:026_
0.800 0.800 -
0,024
0.700 0.700 \
0 22\~
0.600 0.600 - \
0.020
0.500 - 0.500 - |
01
0.400 0.400
0.300 - 0.300 - 0.
0.200 0.200 0.01 ‘
0.114 0.105 0.010
Validation-accuracy accuracy -Ir
0.979299 0.992031
0981190 0.993206
0.976712 0.992656
0.962878 0.984062
0.964869 0.974688
0.978603 0.994687
0.957404 0.967969
0.977309 0.996719

--num-layers --optimizer
5
ftri
\ada
59
2

0.01796154198777169

0.014491188430762471

0.02915797314372763

0.017791967922146663

0.014689376618494194

0.01775280397488328

0.022601601543350176

0.029364679387401435

-num-layers

—optimizer

sgd

sgd

sgd

adam

adam

sgd

adam

sgd
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- https://www.kubeflow.org/
- https://kubernetes.io/
- https://learnk8s.i0/academy/
- https://deploy.kubeflow.cloud
- bit.ly/kubeflow-taxi
- https://www.arrikto.com/



https://www.kubeflow.org/
https://kubernetes.io/
https://learnk8s.io/academy/
https://deploy.kubeflow.cloud
bit.ly/kubeflow-taxi
https://www.arrikto.com/
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- https://kubernetes.io/case-studies/cern/
- Kubernetes @ CERN
 Kubernetes @ CERN presentation


https://kubernetes.io/case-studies/cern/
https://www.youtube.com/watch?v=2PRGUOxL36M
https://static.sched.com/hosted_files/kccnceu18/d0/CERN.pdf
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