Machine learning weather normalization in
estimating lockdown induced European NO, changes
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Abstract. We provide weather-normalized estimates based on a machine learning method (gradient

boosting) along with an assessment of the biases that can be expected from methods that omit the Non-Weather Normalized NO2 Changes
influence of weather. We also compare the weather-normalized satellite NO, column changes with . .
both weather-normalized surface NO, concentration changes and simulated changes by the CAMS Comparing 45 days during to 45 days before lockdown
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