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Motivation & aims

capabilities. To build a continental-domain forecasting system that has value locally, streamflow predictability should be quantified & communicated. The aims of this work are to:

1) Produce N. America-wide S2S hydrological hindcasts
2) Quantify S2S streamflow predictability

Here, we present preliminary results for a testbed: the Bow River at Banff, a snow-fed river basin in the Canadian Rockies. Future work will focus on upscaling these workflows to N. America.

1) Towards N. America-wide S2S hydrological
hindcasts

We are developing 2 S2S streamflow forecast workflows:
data-driven & process-based (see flowcharts).
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2) Quantifying streamflow predictability

From process-based hindcasts, we use the EPB
method** to explore the elasticity (E) of streamflow skill
- i.e., the increase in Q forecast skill achievable by
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