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Overview

JEDI-MPAS Experiments

ARO observation error: MPAS-Atmosphere model MPAS-JEDI

(Skamarock et al 2012) (Liu et al 2022)

During the 2022-2023 AR Recon campaign, an
unprecedented sequence of ARO data collection
was possible between 6 to 17 January 2023. The
assimilation of retrieved ARO observations
presents an opportunity to investigate impact for
these events. Assimilation of ARO refractivity
profiles has been investigated in past studies, but
the assimilation of ARO bending angle profiles
is yet to be explored.

The goal of this study is to investigate the
potential impacts of assimilating ARO bending
observations on the analysis and prediction of
ARs using the LETKF method in JEDI-MPAS. The
2D bending angle observation operator of the
EUMETSAT ROMSAF ROPP, available using the
Unified Forward Operator (UFO) of the Joint Effort
for Data assimilation Integration (JEDI), is used to
simulate ARO bending angle.
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