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1. Motivation:
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2. Examples of wave effects on K during HiWinGS cruise 3. Mean wind history dependence
. o
« Ko, elevated following peak of storm — poorly represented by U Both whitecap coverage (A) and K¢o, (B) tend to be
dependence greater during falling winds (when waves are larger)
« Similar hysteresis absent in K,,,s, suggesting that k, important for CO, than during rising winds
« Effect most pronounced at high wind speeds
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4. Machine learning analysis of wave effects on K 5. Developing a new wind/wave parametrization of K
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