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Introduction Methodology

Accurate simulation of the water cycle is essential for identifying extreme Physical-based

hydrological events. As a baseline study, we introduce a data assimilation
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Ensemble Covariance Matrix | | With gain matrix

water storage and flux estimates and deepen our understanding of K=C'(x)A (AC (x)A" +X,)"

oy O
C (Xk)=N—Z(X£) _Xk)(xlij =T
— 155

c

hydrological variability in the era of climate change.
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