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Mathematical argument

3) The transition distribution function can be approximated
1) Target of training by a NWP ensemble

Ttrain
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4) Unpredictable modes cancel in the expectation — smoothing
2) An ideal and perfectly trained Al model predicts the

expectation of the transition distribution function .
Notation:

~0* _ _. X : true state vector x : estimated state vector (analysis
Ayt (xt) — j[Xt+7‘xt] e Mt+T|ta for T € {19 R aTtrain} ( Y )
X . forecast state vector 6 : learnable parameters

The effect of different roll-out training intervals

300hPa global kinetic energy spectrum

Aurora-S (12-hour roll-out training) Aurora-L (10-day roll-out training)
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Error kinetic energy spectra Fairer comparison to IFS-CTL

10-day forecasts, 300 hPa Make IFS-CTL as smooth as the Al model
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