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1. Introduction 3. Workflow overview 4. Forecast pipeline

* Hydrology is entering.a new era driven by data availability and high- The model predicts river discharge for selected stations using statistics derived from catchment properties, 170 Our forecast pipeline builds on ECMWF’s open-source stack. Workflows
performance computing. days of historical meteorological forcings, and 10 days of forecasted meteorological forcings. For each catchment are defined with pyflow and orchestrated by ecFlow.
Machine learning (ML) offers new ways to represent hydrological associated with a station, the relevant forcings are extracted and summary statistics are computed.
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At ECMWEF, we are exploring how ML can enhance flood forecasting
and uncertainty estimation.
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Computation of catchment statistics
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First steps towards hybrid forecasting ecosystem

combining physical insights with data-driven adaptability. * Sub-daily * New prediction locations * Applications for training and model comparison analysis

* Probabilistic




